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Analysis of Firms Behavior Based on Transaction Networks:
Current State of Software Industry

INOUE Hiroyasu

Abstract

Firms have to provide for international competition more than ever before. To do this, they
have to exploit resources around them so that they can set off deficiency of ability. Therefore,
they try to build relations with other firms. There are various types of relations, such as
transactions, shareholdings, executive dispatching, cooperative researches, developments, and
alliances. In addition, the relations express complex networks. This paper treated transaction
networks as one of such networks and selected the Japanese software industry as an example.
This was because it has been pointed out that the industry has some structural defect and
a whole picture of the structure has not been revealed. I used a p* model to analyze the

structure.
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Model G%’L Variables AIC Difference to 1
1. Choice 113,165.0 1 113,163.0 -
2. Reciprocity 109,308.1 2 109,312.1 3,856.9
3. Transitivity 113,011.5 2 113,015.5 153.5
4. Cycle 113,051.6 2 113,055.6 113.4
5. Two star in 107,191.8 2 107,195.8 5,973.2
6. Two star out 112,692.6 2 112.696.6 472.4
7. Two star mix 112,663.1 2 112.667.1 501.9
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